
 

Reinforcement Learning in Continuous time
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Two components primitives in RL
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Forward Euler is not implementable online so we
will use backward Euler
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Jacobians of x o w r f X and O can be
computed using back propagation techniques
next lecture



Policy update

Let x be the true value function Then
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Aside the value function is a solution of the
fixed point problem
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Again Jacob ans can be computed efficiently
using back propagation in fact
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each coordinate is a Jacobian vector product can
be computed efficiently


